
Building a Recommender 

System in Azure ML

This presentation dives into a real-world example of building a 

restaurant recommender system using Azure ML, highlighting the key 

components and the benefits of using a cloud-based machine learning 

platform.
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Problem Statement: Restaurant 

Recommendations

Goal

Recommend new restaurants to users based on their past 

ratings.

Datasets

Restaurant ratings, customer demographics, and 

restaurant features.
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Data Preparation: Matching Preferences and 

Locations

User Profile

Extracting user ID, location, interests, and personality.

Restaurant Profile

Extracting price, type of cuisine, latitude, and longitude.
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Model Training: Utilizing 

Matchbox Recommender

1 1. Matching Traits

Defining the number of 

user preferences for 

recommendations.

2 2. Recommendation 

Count

Specifying the number of 

restaurants to recommend 

per user.
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Model Scoring and Evaluation: Measuring 

Success

Score Component

Generates restaurant recommendations based on trained 

model.

NDCG Metric

Evaluates the relevance of recommendations, aiming for a 

score close to 1.0.
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Model Performance: Collaborative Filtering in 

Action

1

High Accuracy

Recommender system aligns well with high-rated restaurants in the hold-

out set.

2

Collaborative Filtering

Leveraging user preferences to predict new restaurant 

choices.
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Benefits of Azure ML for 

Recommender Systems

Scalability

Azure ML offers robust 

infrastructure for handling 

large datasets and complex 

models.

Automation

Streamlines the process of 

training, scoring, and 

deploying models for 

continuous improvement.

Collaboration

Facilitates teamwork and sharing of resources, enabling faster 

development and deployment.
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Conclusion: The Future of 

Personalized 

Recommendations

This restaurant recommender system demonstrates the power of Azure 

ML in building intelligent and personalized solutions. As AI technology 

continues to advance, we can expect even more innovative and 

effective recommendation systems across various industries, 

empowering users with tailored experiences based on their individual 

needs and preferences.
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